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Abstract

Treatment with small-molecule inhibitors, guided by precision medicine has improved patient outcomes in multiple
cancer types. However, these compounds are often not effective against central nervous system (CNS) tumors. The
failure of precision medicine approaches for CNS tumors is frequently attributed to the inability of these
compounds to cross the blood-brain barrier (BBB), which impedes intratumoral target engagement. This is
complicated by the fact that information on CNS penetration in CNS-tumor patients is still very limited. Herein, we
evaluated cerebrospinal fluid (CSF) drug penetration, a well-established surrogate for CNS-penetration, in pediatric
brain tumor patients. We analyzed 7 different oral anti-cancer drugs and their metabolites by high performance
liquid chromatography mass spectrometry (HPLC-MS) in 42 CSF samples obtained via Ommaya reservoirs of 9
different patients. Moreover, we related the resulting data to commonly applied predictors of BBB-penetration
including ABCB1 substrate-character, physicochemical properties and in silico algorithms. First, the measured CSF
drug concentrations depicted good intra- and interpatient precision. Interestingly, ribociclib, vorinostat and imatinib
showed high (> 10 nM), regorafenib and dasatinib moderate (1–10 nM) penetrance. In contrast, panobinostat und
nintedanib were not detected. In addition, we identified active metabolites of imatinib and ribociclib. Comparison
to well-established BBB-penetrance predictors confirmed low molecular weight, high proportion of free-drug and
low ABCB1-mediated efflux as central factors. However, evaluation of diverse in silico algorithms showed poor
correlation within our dataset. In summary, our study proves the feasibility of measuring CSF concentration via
Ommaya reservoirs thus setting the ground for utilization of this method in future clinical trials. Moreover, we
demonstrate CNS presence of certain small-molecule inhibitors and even active metabolites in CSF of CNS-tumor
patients and provide a potential guidance for physicochemical and biological factors favoring CNS-penetration.
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Introduction
Brain tumors are the most frequent solid tumors in
childhood and the leading cause of cancer-related death
in this age group [1]. This fact can be attributed to sev-
eral factors including the particular aggressiveness of
certain tumor types, but also to the lack of effective
therapeutic strategies for relapsed patients [2, 3]. Con-
tinuous effort of both academia and pharmaceutical
companies has resulted in the identification of multiple
promising therapeutic targets as well as targeted inhibi-
tors for the treatment of brain tumors, which can be de-
tected by precision medicine approaches [4, 5]. As a
consequence effective targeted treatment approaches
such as BRAF- [6] and NTRK-inhibitors [7] are already
applied in the treatment of brain tumors. However, for
the majority of newly identified targets the implementa-
tion of preclinical findings into routine clinical applica-
tion based on successful clinical trials is limited [4].
This gap is widely attributed to the fact that pene-

trance of anti-cancer drugs to the central nervous system
(CNS) is limited by the blood-brain barrier (BBB) and
blood-CSF-barrier, which prevent potentially effective
drugs from engaging their targets within the tumor tis-
sue [8]. The BBB represents a unique and complex
structure at the capillaries within the CNS. It is com-
posed of various different cell types including endothelial
cells, pericytes and neural cells, each playing a distinct
role in the maintenance of the BBB. The central element
of this barrier are the endothelial cells, which are joined
together by tight junctions preventing most drugs from
passively diffusing into brain parenchyma [8, 9]. More-
over, endothelial cells express efflux pumps including
ABCB1 and ABCG2 which actively export molecules to
the luminal surface and thus into the blood stream [8,
10, 11]. The integrity of the BBB is altered by pathogenic
events such as tumorigenesis [8, 12]. This is demon-
strated by penetration of compounds with low molecular
weight (MW) such as gadolinium, which is used as con-
trast agent in magnetic resonance imaging (MRI) exami-
nations, into the tissue of certain tumors,. However,
multiple studies suggest that the BBB is more or less in-
tact in the majority of brain tumors [9]. In addition, it
has long been known that treatment of childhood brain
tumors with cerebrospinal fluid (CSF) dissemination is
limited by the relative inaccessibility of CSF to systemic-
ally administered drugs not crossing the BBB. This cor-
roborates the notion that brain tumors are also
protected from anti-cancer drug exposure via compo-
nents of the BBB [13–16].
Based on the above-mentioned facts, it is indispensable

for an effective anti-brain-tumor treatment that the re-
spective remedies cross the BBB. Consequently, it is gen-
erally considered that preclinical as well as
pharmacokinetic assessment of novel small molecule

inhibitors against brain tumors should include evalu-
ation of BBB penetration [4, 17]. As an example, cell ac-
cumulation and efflux competition assays enable
prediction whether a molecule is a substrate/inhibitor of
either ABCB1 or ABCG2, which will most likely limit
penetration into the brain tissue [18]. Apart from these
biological assessments, additional in silico tools have
been developed to predict CNS penetration based on
chemical structure, taking into account the physico-
chemical properties of the respective compounds. These
properties generally include lipophilicity, polar surface
area (PSA), the number of hydrogen-bond donors
(HBD) and acceptors (HBA), the number of rotatable
bonds, the charge at the given pH, and the MW [17, 19,
20]. Recently, we described collision cross sections
(CCS), which characterizes molecular volume and mo-
lecular branching as an additional reliable predictor for
CNS penetration [21].
Besides, plasma protein binding is a key parameter for

sufficient CNS penetration [22–24]. Protein binding of
drugs is generally related to albumin binding, but is in
fact more complex, as various other proteins such as gly-
coproteins, globulins, and lipoproteins may also play a
role [25, 26]. Since the free level of a drug (the fraction
which is not bound to matrix proteins) within a bio-
logical fluid may represent the amount of a substance
actually exhibiting pharmacologic effects, it is crucial to
distinguish the measured total drug levels from free drug
levels [4, 17, 27]. This is generally referred to as free
drug hypothesis. Recent studies have shown the import-
ance of the determination of free levels for CNS drugs
[4, 17, 25, 27, 28]. However, the analytical access to free
levels is generally associated with considerable expend-
iture on equipment [29, 30], especially in CSF, where the
total concentrations of drugs are significantly lower
compared to serum [25, 31]. As protein levels in CSF are
multiple orders of magnitude lower than in serum, pro-
tein binding is therefore usually neglected in CSF. CSF
and brain parenchyma are only separated by a thin per-
meable ependymal tissue layer and ventricular CSF very
well reflects the unbound drug amount. Consequently,
drug concentrations in CSF are generally considered as
valid surrogate for concentrations in the extracellular
CNS fluid [32–35].
In contrast to the identification of multiple tumor tar-

gets across pediatric brain tumors for precision
medicine-guided treatment [3], information on CNS
penetration of small molecule inhibitors in pediatric
CNS tumor patients is generally limited. To overcome
this lack of translational validation of BBB penetration,
in the present study we analyzed concentrations of seven
different orally administered small molecule inhibitors in
the CSF of pediatric brain tumor patients. In parallel, we
comprehensively compared established in vitro and in
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silico methods to predict CNS-penetration to our real-
world dataset in order to provide information on the val-
idity of the different prediction approaches.

Materials and methods
Patients, sample material and instrumental analysis
Samples were obtained from patients treated at the De-
partment of Pediatrics and Adolescent Medicine at the
General Hospital of Vienna and the study was approved
by the ethics committee of the Medical University of
Vienna. Patient characteristics (age, weight, sex) and
clinical data (tumor type, medication, radiotherapy,
localization, leptomeningeal disease, serum protein
levels, and CSF protein levels) were retrieved from pa-
tient charts. Clinical and serum parameters were mea-
sured within the same treatment cycle, CSF protein
levels at the same date and sample collection time point.
Samples were collected and snap frozen within routine
clinical sampling during intraventricular chemotherapy
administration.
We included samples of patients who received oral

small molecule inhibitors and concomitant intraventric-
ular therapy. The investigated substances included dasa-
tinib (1 patient, 3 samples), imatinib (3 patients, 12
samples), nintedanib (3 patients, 11 samples), panobino-
stat (1 patient, 2 samples), regorafenib (1 patient, 3 sam-
ples), ribociclib (1 patient, 3 samples), and vorinostat (2
patients, 9 samples). As backbone therapy the majority
of patients were treated according to the MEMMAT
protocol (NCT01356290) [36] with slight modifications
in some cases as indicated in Additional file 1: Table S1.
Dosing for pediatric patients was adjusted according to
the treatment protocols or previous reports as outlined
in Table 1. Interpatient differences in dosing per body
weight may result from individual drug tolerability and

adapted dosing in each case, as well as the limitation
that for none of the investigated drugs oral solutions for
body weight adjusted dosing were available, making it
necessary to use drug formulations standardized for use
in adult patients. In two cases, samples of patients being
sequentially treated with different drugs were collected
as indicated in Additional file 1: Table S2. In general, we
aimed at including multiple samples over the whole
treatment period after reaching steady state (Additional
file 1: Table S1, range 1–31 weeks). The earliest time
point for sample analysis was defined as > 5 times the
half-life if not otherwise indicated. Consequently, the
range of the earliest analyzed sample was from 3 days for
vorinostat (half-life 2 h [37]) to 9 days for panobinostat
(half-life 31 h [38]). In addition, one matched serum
sample for nintedanib (taken simultaneously to one CSF
sample to prove oral uptake) was available for analysis.
An overview of patient characteristics and samples is
provided in Table 1. Leptomeningeal disease was present
in all but one patient receiving nintedanib. CSF samples
(< 0.5 mL) of pediatric patients were collected using an
Ommaya reservoir, immediately snap frozen and after-
wards stored at − 80 °C prior to HPLC-MS analysis. Fig-
ure 1 gives general information on the workflow of CSF
sample collection, sample preparation and HPLC-MS ana-
lysis. Detailed information on the analysis method and the
working parameters of the HPLC-MS system(s) can be
found in the supplementary material available online
(Additional file 1: Figures S1 and S2 and Tables S3–4).

In silico assisted workflow for the identification of
metabolites in biological samples and prediction of BBB
penetration
Within the scope of this work, in silico based metabolite pre-
diction was performed using ADMET Predictor 9.0

Table 1 Overview of the pediatric tumor patients with detailed information on age, sex, radiotherapy, histology, localization,
metastasis and dosage

Drug Patient # Age Sex RTX Tumor histology Localization Lepto-meningeal metastasis Dose mg/kg

Imatinib 1 18,3 m focal Germ cell tumor pineal yes 8.51 BID

2 14.5 f focal Glioblastoma hemispheric yes 1.82 QD

3 7.5 m CSI Plexuscarcinoma hemispheric yes 16.67 QD

Dasatinib 1 19.1 m focal Germ cell tumor pineal yes 1.72 BID

Nintedanib 4 19.4 m focal Ependymoma hemispheric yes 3.72 BID

5 13.5 m focal Ependymoma hemispheric no 3.23 BID

6 7.6 m focal Ependymoma posterior fossa yes 10.35 QD

Panobinostat 4 20.3 m focal Ependymoma hemispheric yes 0.35 3 doses / week

Regorafenib 4 20.1 m focal Ependymoma hemispheric yes 0.78 QD

Ribociclib 7 8.4 f focal Epithelioid sarcoma (metastasis) non CNS primary yes 3.33 QD

Vorinostat 8 10.8 m CSI Medulloblastoma posterior fossa yes 3.74 QD

9 12.7 f CSI Atypical teratoid rhabdoid tumor hemispheric yes 2.63 QD

RTX, radiotherapy; CSI, craniospinal irradiation; CNS, central nervous system
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(Simulations Plus, Lancaster, Canada), Pallas 3.8 (Compu-
Drug International Inc., Bal Harbor, Florida), and Smartcyp
2.4.2 [39–43], revealing mostly phase I metabolites such as
oxidation, hydroxylation and hydrolysis products of the
tested substances. In a next step, theoretical molecular for-
mulas and related ion masses of the predicted metabolites
were transferred into a database and compared to measured
high-resolution Q-TOF mass spectra of biological samples.
For that purpose, MassHunter Qualitative Workflows
B.08.00 software (Agilent Technologies, Santa Clara, Califor-
nia) was used, as it enables (semi)-automated data process-
ing. Within this procedure, theoretical and measured exact

ion masses and abundances of isotopologues and molecule-
cation adducts were compared. The results of this compari-
son were then used to evaluate the validity of the identifica-
tion, which is expressed as a score. This quality measure is
important as it reduces the risk of false positives that are
likely in complex biological samples, especially when only
the accurate mass of a molecule is used.
In addition, ADMET Predictor 9.0 was utilized to pre-

dict brain exposition via its integrated algorithm that
binary (high or low) estimates BBB penetration and
quantitatively predicts the logarithm of the brain to
blood partition coefficient. As complementary approach

Fig. 1 Schematic depiction of the study workflow. Cerebrospinal fluid (CSF) was collected at steady state from pediatric brain tumor patients
receiving oral small molecule inhibitors. CSF samples were analyzed using protein precipitation prior to HPLC-QqQ MS analysis
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we used the SwissADME predictor [44], which generates
a datasheet indicating whether the substance is likely to
cross the BBB barrier or not (yes or no).

Experiments targeting the ABCB1 substrate character of
the examined drugs
We first compared interaction of the investigated drugs
with ABCB1 by measuring fluorescent substrate drug ac-
cumulation in the parental KB-3-1 (a HeLa cell deriva-
tive) cell model and its isogenic ABCB1-overexpressing
KB-C1 cell model, as previously published [45]. As a
known fluorescent ABCB1 substrate calcein (derived
from non-fluorescent calcein AM) was used in the pres-
ence of investigated drugs (1 μM and 10 μM) using
fluorescence-activated cell sorting (FACS). The ABCB1
inhibitor elacridar was used as positive control. As this
approach cannot distinguish competitive (by a substrate)
and non-competitive (by a pure inhibitor) ABCB1 inhib-
ition, KB-C1 cells were additionally exposed to the ex-
amined drugs with or without elacridar to test the actual
impact of ABCB1 activity on the concentration of drug
within the cells. In detail, cultivated cells were grown,
washed, lysed using 100 μL methanol, centrifuged and
stored at − 80 C prior to analysis. After thawing, the
samples were homogenized, sonicated (15 min, 50 Hz,
0 °C), homogenized again and centrifuged. Finally,
100 μL supernatant were collected and analyzed using
the developed HPLC-QqQ MS method (see Supplemen-
tary Material).

Calculation of free drug levels
Directly measuring free drug levels in CSF may be im-
possible due to low drug concentrations. Besides the ex-
perimental quantitation, if feasible, also the law of mass
action can be used to predict protein-unbound drug
levels [46]. Accordingly, CSF proteins and associated
drugs may be considered as center and ligand, forming a
complex. Consequently, we applied the corresponding
mathematical model to estimate free drug concentration.
The derivation is given in further detail in the supple-
mentary material.

Results
Feasibility of drug and metabolite detection in CSF
derived via Ommaya reservoirs
In a first step, we determined whether CSF samples from
Ommaya reservoirs analyzed with HPLC-QqQ MS or
HPLC-IMS-Q-TOF MS allow reliable detection of orally
administered drugs and the respective metabolites. For
that purpose, special focus was on the improvement of
an HPLC-QqQ MS multi-method to quantitate the re-
spective substances in CSF samples. The applied chro-
matographic gradient as well as the sensitivity of the MS
detection were optimized to allow a quantitation of all

mentioned analytes within one run and over a broad
range of analyte concentration levels (800 ng L− 1 to
250 μg L− 1).
For each analyte, the recovery of the method was

tested, including sample preparation and HPLC-QqQ
MS analysis, and matrix-matched calibration was used
to compensate possible matrix-induced electrospray
ionization suppression/enhancement effects, thereby as-
suring the accuracy of the quantitation. Intra-day and
inter-day precision were determined to be ≤8.6% relative
standard deviation for all analytes on the basis of five
consecutive measurements of artificial samples contain-
ing 5 μg L− 1 of analyte. Additionally, the developed
HPLC-QqQ MS method showed good linearity and an
R2 ≥ 0.99 in a range between the lower limit of detection
and 250 μg L− 1. The lower limit of detection (LOD) of
the method was determined to be well below 1 μg L− 1

for all analytes, (see Supplementary Material). The deter-
mination of CCS was performed by the means of HPLC-
IMS-Q-TOF MS showing highly reproducible results
with intra-day precisions ≤0.1% relative standard devi-
ation (RSD) of 5 consecutive measurements and inter-
day precisions ≤0.2% RSD for all analytes, (see Supple-
mentary Material).

Quantitation of pharmaceuticals including free drug
levels and metabolites
In total, 42 CSF samples of 9 pediatric patients (3 fe-
male, 6 male) receiving 7 different drugs were analyzed
(Fig. 1). Detailed clinical data are outlined in Table 1.
Quantitation was successful in 26 CSF specimens, in-
cluding samples for dasatinib (mean 1.2 nM, range 0.5–
1.9 nM), imatinib (mean 77.7 nM, range 5.7–288.5 nM),
regorafenib (mean 6.7 nM, range 6.5–7.1 nM), ribociclib
(mean 44.1 nM, range 42.6–45.2 nM) and vorinostat
(mean 75.4 nM, range 6.4–197.2 nM). Imatinib and dasa-
tinib were detected in 75% (9/12) and 66% (2/3) respect-
ively. In contrast, nintedanib was not identified in any
patient sample. To prove oral drug uptake of nintedanib
we tested an available matched serum sample for ninte-
danib at one time point (patient #4), which clearly
proved gastrointestinal uptake (30 nM in serum). Nor-
malized concentrations (according to the dosage) were
similar to previously published data [47]. Similarly,
panobinostat was untraceable in CSF samples in agree-
ment with a previous study [48]. Intrapatient CSF con-
centrations of each substance were within the same
order of magnitude (Fig. 2a). Moreover, samples from
different individuals (imatinib, nintedanib, vorinostat)
showed no significant interpatient variability (Fig. 2a,
Additional file 1: Figures S4 and S5). Interestingly, ima-
tinib was only detected in one out of four samples in
one case (#3) (Additional file 1: Figure S4). This sample
was obtained at a much later time point than the
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negative ones. Moreover, we detected much higher CSF
protein levels at this time point, suggesting a change of
BBB integrity during the course of disease. Consequently,
we tested whether CSF protein levels routinely measured
at the same time point as drug penetration analyzes corre-
lated to imatinib concentrations and could indeed detect a
positive correlation (Additional file 1: Figure S6). In order
to exclude protein concentration as potential general con-
founding factor in our study, we checked for a potential
bias in our patient cohort. We could not find any

association between detection of substances in CSF and
protein levels (Additional file 1: Figure S7).
As a next step, free drug levels were calculated using

the law of mass action approach stated in the supple-
mentary, showing that protein binding may be neglected
for most of the investigated compounds (see Fig. 2b). In
case of dasatinib (mean 1 nM, range 0.4–1.6 nM), riboci-
clib (mean 43.5 nM, range 41.8–44.8 nM) and vorinostat
(mean 75.3 nM, range 6.4–197.1 nM), the unbound frac-
tion accounted for about 99% of the total drug amount

Fig. 2 Overview of all analyzed steady-state cerebrospinal fluid (CSF) samples. a Total measured und (b) calculated free, unbound CSF
concentrations of the investigated drugs depicted in nM/L. Individual patients are indicated by the color-coding (Patient #1 red, #2 blue, #3 black,
#4 green, #5 yellow, #6 orange, #7 violet, #8 grey, #9 cyan)
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measured. Furthermore, the level of unbound imatinib
(mean 65.8 nM, range 5.2–233.4 nM) was calculated to
be nearly 88% of the total amount. Since regorafenib is
highly bound to proteins in serum (99.5% [49]), the
amount of protein-bound drug in CSF was not negli-
gible, as less than 60% of regorafenib are freely available
in CSF (mean 3.9 nM, range 3.8–4 nM).

Detection of drug metabolites in patient CSF
Using high performance liquid chromatography ion mo-
bility quadrupole time-of-flight mass spectrometry
(HPLC-IMS-Q-TOF MS) measurements in combination
with prediction software and in-house generated data-
bases, it was also possible to evaluate the metabolic fate
of the examined substances in a semi-automated way.
ADMET Predictor 9.0 and Pallas 3.8 were used to pre-
dict metabolites of parent drugs qualitatively, as both
software packages provide molecular structure output of
P450 metabolized substances. In contrast, Smartcyp
2.4.2 calculates the likelihood of a certain molecular
moiety to be metabolized by P450 cytochromes based on
characteristics within the molecule’s 2D structure. De-
tected metabolites and potential biological activity are
summarized in Table 2. Metabolites of imatinib
(demethylated imatinib (=CGP74588; active), hydroxyl-
ated imatinib (=AFN911; inactive), N-glucuronidated
imatinib and O-glucuronidated imatinib), ribociclib
(demethylated ribociclib (=LEQ803; active) and hy-
droxylated LEQ803), and vorinostat (succinanilic acid
and glucuronidated vorinostat) were identified. In case
of vorinostat, it was even possible to quantitate its
pharmacologically inactive main metabolite, succinani-
lic acid [50]. In this context, Fig. 3 shows the concen-
trations of the parent drug and the metabolite in CSF
samples.

Comparison to established predictors of blood-brain
barrier penetration
As preclinical prediction of BBB penetration remains es-
sential for development of improved anti-cancer therap-
ies for brain tumor patients, we sought to validate

commonly applied methods for BBB penetrance predic-
tion with our dataset. Figure 4 provides a graphical over-
view of this comparison. Nintedanib as the largest
molecule (MW 539.6 g mol− 1) was not detected in CSF,
in line with the finding that larger molecules are less fre-
quently found to cross the BBB [17]. Conversely, panobi-
nostat – one of the smallest molecules in our panel –
was also not detected. As already mentioned, free drug
levels are the essential parameter in order to assess tar-
get engagement [4]. Within our drug panel, we could
show that high protein binding was the essential prop-
erty lowering free drug levels in case of regorafenib,
which we show to cross the BBB, but showed lower free
drug levels. With respect to chemical properties, all mol-
ecules showed a favorable profile according to lipophilic-
ity (S + logP), another common predictor for BBB-
penetration [17, 19]. Consequently, differences in lipo-
philicity could not explain the observed differences. In
contrast, the amount of hydrogen bond donors showed
unfavorable profiles for all drugs also making it unsuit-
able for BBB penetrance prediction in our panel. The
utility of total polar surface area (TPSA) appeared to be
mixed as smaller molecules indeed did cross the BBB,
however, with the exception of panobinostat. The num-
ber of rotatable bonds showed an unfavorable profile for
regorafenib and vorinostat which where both found to
cross the BBB. We additionally evaluated ABCB1-
inhibition as well as intracellular drug accumulation
upon ABCB1-inhibition (Additional file 1: Figure S8).
Interestingly, ABCB1-inhibition did not necessarily cor-
relate with ABCB1-substrate testing. Consequently, we
only used the fold-change of drug accumulation upon
ABCB1-inhibition as parameter for ABCB1-affinity.
ABCB1 substrate evaluation was most favorable for re-
gorafenib and vorinostat and intermediate for ribociclib,
imatinib, and nintedanib. Dasatinib and panobinostat, in
contrast, were highly transported by ABCB1 potentially
explaining the observed poor penetration of panobino-
stat. Furthermore, the CCS as novel descriptor of mo-
lecular branching and volume was included based on
HPLC-IMS-Q-TOF MS analyses. The finding that

Table 2 Overview of the detected metabolites in cerebrospinal fluid

Parent Drug Metabolite Structure Active / Inactive

imatinib demethylated imatinib = CGP74588 known active

imatinib hydroxylated imatinib = AFN911 known unknown

imatinib N-glucuronidated imatinib unknown unknown

imatinib O-glucuronidated imatinib known unknown

ribociclib demethylated ribociclib = LEQ803 known active

ribociclib hydroxylated LEQ803 unknown unknown

vorinostat succinanilic acid known inactive

vorinostat glucuronidated vorinostat known inactive
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imatinib and regorafenib show a significantly lower
CCS value than would be expected from the MW,
and thus are much more compact molecules (see Add-
itional file 1: Figure S3), supported their permeation
of the blood-CSF barrier and their pronounced pres-
ence in the CSF.
Last, we aimed at the evaluation of commonly ap-

plied in silico methods for the prediction of BBB
penetration. These algorithms integrate multiple of

the aforementioned parameters and are therefore gen-
erally considered as more advanced and reliable tools
for evaluation of BBB penetrance [44, 51]. A compari-
son to our patient-derived dataset, however, showed
mixed results. ADMET Predictor correctly predicted
BBB penetration properties for imatinib, nintedanib
and regorafenib and LogBB of vorinostat, but failed
for the other drugs. The second evaluated algorithm,
SwissADME, only predicted panobinostat to penetrate

Fig. 3 CSF levels of vorinostat and its main metabolite succinanilic acid stratified for (a) vorinostat vs. succinanilic acid and (b) individual samples.
Patient numbers are indicated and given by the color-coding (Patient #8 grey and #9 cyan)
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the BBB. However, we did not detect panobinostat,
but other compounds in the CSF.

Discussion
The integration of molecular tumor profiling to detect
oncogenic dependencies and the availability of multiple
targeted compounds for the respective alterations has
widely improved anti-cancer treatment. However, low
CNS penetration of small molecule inhibitors caused by
the BBB poses a major obstacle for the clinical use of
improved and innovative therapies against brain tumors.
Although various in vitro, in silico and in vivo models
have been developed to predict BBB drug penetration in
the past decades, the true nature of the BBB in CNS tu-
mors and the actual penetrance of drugs into the malig-
nant tissue is still difficult to assess. Consequently, it
frequently remains difficult to clarify whether the failure
of promising in vitro approaches in clinical trials is owed
to a poor anti-tumor effect or limited CNS penetration.
As the blood-CSF barrier is composed of similar struc-
tures as the BBB and CSF is directly connected to the
CNS tissue, measuring CSF levels is widely considered

as feasible way to indicate BBB penetration [52]. How-
ever, CSF sampling in the majority of studies is mostly
restricted to inter-operative collection or lumbar punc-
ture, both procedures with certain risks and inaccur-
acies. We have already shown that treatment and CSF
collection via Ommaya-reservoirs is a safe procedure in
pediatric patients with brain tumors [53]. In this study,
we developed a reliable method to detect and quantify
traceable amounts of oral anti-cancer compounds in
pediatric patients receiving intrathecal therapy. Being
aware of the limitation that almost no corresponding
serum samples and no specific time points were avail-
able for our retrospective study, we first evaluated CSF
levels across different time points at steady state and did
not detect any significant differences. By these means,
we show for the first time that CSF sampling from
Ommaya reservoirs represents a feasible, reproducible
and reliable method for CNS penetrance ascertainment.
It has to be noted, that most of the studied cases exhib-
ited leptomeningeal disease, which also might influence
BBB penetration resulting in a less effective blood-CSF
barrier. This is also suggested by our finding that CSF

Fig. 4 Comparison of real-world data to predictors of blood-brain barrier penetration. Normalized color-coded (red, unfavorable; yellow,
intermediate; blue, favorable for BBB penetration) results, summarizing all examined parameters including literature data (L), in silico results (IS)
and the quantification results of active ingredients in CSF samples and ABCB1 experiments (E). Detailed color coding: oral dose (red, < 1 mg/kg;
yellow, 1–5 mg/kg; blue > 5mg/kg); CSF concentration (red, not detected; yellow, < 10 nM; blue, > 10 nM); Molecular weight (red, > 500 g/mol;
yellow, 450-500 g/mol; blue, < 450 g/mol; Protein binding (red, > 99%; yellow, 90–99%; blue, < 90%); S + logP (red, < 1,5; blue, > 1,5); Hydrogen
bond donors (red, > 5; blue < 5); total polar surface area (red, >90A/Å2; blue<90A/Å2). Rotatable bonds (red, > 8; blue, < 8); collision cross section
(red, > 250 Å; yellow, 200-250 Å; blue, < 200 Å); ABCB1-substrate (red, > 2 fold-control; yellow, 1–2 fold-control; blue < 1 fold-control); LogBB (=
predicted logarithm of the brain/blood concentrations using ADMET predictor) (red < 0; blue > 0); BBB permeation (predicted likelihood of BBB
permeation using ADMET predictor, red, low; blue, high) and SwissADME (red, no penetration, blue, penetration). A detailed description of color-
coding is provided also provided in supplementary Additional file 1: Table S5.
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penetrance might change during the course of disease.
In the single case without leptomeningeal disease within
our cohort, nintedanib could not be detected in the CSF
(case #5). Nintedanib was, however, also not measurable
in the two other cases (#4 and #6), suggesting that pres-
ence of leptomeningeal disease might be of lower signifi-
cance as compared to other parameters, at least within
our small study cohort. Nevertheless, drug concentra-
tions in CSF may be of importance in particular for the
treatment of leptomeningeal disease. Moreover, the
study collective comprises different tumor entities which
also might bias the comparison of the investigated com-
pounds. Still, we did not observe differences with respect
to tumor entities within our limited dataset. It is also
worth noting that all patients received concomitant sys-
temic and intrathecal therapy potentially influencing the
permeability of the blood-CSF barrier. As indicated in
Additional file 1: Table S1 all but one case were treated
according to a modified MEMMAT protocol [36].
Therefore, our cohort did not exhibit profound differ-
ences with respect to concomitant systemic treatment.
With respect to intrathecal therapy, the observed inter-
patient differences could also not be explained by differ-
ent concomitant medication. For imatinib, all patients
received only VP-16 and in case of vorinostat one pa-
tient received VP-16, cytarabine, and topotecan, whereas
the other case was treated with VP-16, liposomal cytara-
bine, and methotrexate (Additional file 1: Table S1).
However, vorinostat levels were slightly lower in the lat-
ter case (Fig. 2, case #9 cyan) although one would rather
expect liposomal cytarabine or methotrexate to alter
permeability of the blood-CSF barrier. We further in-
cluded testing of cases who sequentially received more
than one of the investigated compounds (Additional file
1: Table S2, patients #1 and #4). Interestingly, of the
three drugs investigated in case #4, only regorafenib
could be detected, whereas nintedanib and panobinostat
were not measurable. Notably, regorafenib was the sec-
ond drug within this sequential treatment, again corrob-
orating our notion that prior treatment and
interindividual differences were only a minor confounder
in our study.
In detail, we could detect significant levels of dasati-

nib, imatinib, regorafenib, ribociclib, and vorinostat in
CSF of brain tumor patients. In contrast, nintedanib
and panobinostat were not detected albeit only one
case was available for panobinostat sampling. With
respect to panobinostat, it is also worth noting that
due to the age of the patient (19 years, patient #4)
the treatment dosing was chosen according to the
regimen approved for hematological malignancies in
adults (20 mg, 3 doses / week). Consequently, the
chosen dose was lower than in recent studies within
the pediatric population [54]. Corroborating our

results panobinostat levels were also below the detec-
tion limit in a recently published study in children
using higher panobinostat doses [54]. Comparing our
quantitation results to serum-levels from former stud-
ies, CSF-levels of dasatinib [55], imatinib [56], rego-
rafenib [57], ribociclib [58] and vorinostat [59]
showed significant differences (multiple orders of
magnitude). The approach of evaluating CNS penetra-
tion via CSF sampling has been questioned [60] and
studies directly measuring drug penetrance into tumor
tissue are generally favored. In this context it is worth
noting that overall comparison of our data to preclin-
ical animal studies for dasatinib [61] and regorafenib
[62] as well as a clinical trials with ribociclib [63–65]
in glioblastoma patients demonstrated comparable
results.
The CSF-levels of dasatinib were in the low nM

range which is well in agreement with CSF levels de-
scribed for this tyrosine kinase inhibitor in acute
lymphoblastic leukemia (ALL) patients [66]. These re-
sults are also in agreement with preclinical studies on
brain and tumor penetration of dasatinib in mice [61,
62], which also described the influence of ABCB1 and
ABCG2. With respect to biological activity, the de-
tected dasatinib levels were approximately 10-fold
below the IC50 determined for high-grade glioma [67].
The sample in our study, in contrast, was derived
from a patient being treated for a recurrent CNS
germ cell tumor, which has been suggested as prom-
ising therapeutic approach [68] but preclinical in-vitro
data determining the IC50 for germ cell tumors are
still lacking.
Similarly, levels of imatinib were in the same magni-

tude as described for an ALL patient [69]. In contrast to
dasatinib, the detected imatinib levels were in the range
of the IC50 for certain high-grade glioma models [67].
Interestingly, one case in our cohort was treated with
imatinib for a high-grade glioma (#2), but in vitro data is
lacking for the other two entities plexus carcinoma and
CNS germ cell tumor.
Regorafenib, another kinase inhibitor with promising

clinical activity against brain tumors [70], also reached
detectable levels in CSF of one patient. Moreover, rego-
rafenib CSF levels were in the same magnitude as de-
tected in brain tissue within preclinical animal studies
[60]. However, free drug levels were markedly reduced
due to its high protein binding properties and were not
in the range of the IC50 previously determined for other
pediatric tumor models [71].
Ribociclib, a CDK4/6 inhibitor was also detected at clin-

ically relevant levels in CSF. The magnitude was compar-
able, albeit lower compared to recently published studies
[64, 65] investigating ribociclib levels in CSF and tumor
tissue of adult glioblastoma patients. The respective
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studies reported levels from 374 to 630 nM compared to
43 nM detected in our patient. It is worth noting, that the
investigated dose in these studies was 900mg per day in
adults (approximately 11mg/kg), which is distinctly higher
than in our pediatric patient treated with 3.33mg/kg daily.
Furthermore, our observation was in line with results from
preclinical mouse studies [63]. In general, ribociclib CNS
levels were in the therapeutic range determined in vitro
for neuroblastoma cell lines [64] but data on brain tumors
or epithelioid sarcomas as in our cohort are still lacking.
We further show that the histone deacetylase in-

hibitor vorinostat penetrates the CSF. The concentra-
tion, however, was about 10-fold lower as compared
to IC50 values in preclinical models of medulloblas-
toma [72].
Using in silico based metabolite prediction ap-

proaches and high-resolution mass spectrometry, the
metabolic fate of the target analytes in CSF was mon-
itored for the first time. Although predominantly
phase I metabolites such as oxidation, hydroxylation
and hydrolysis products were detected, their existence
in CSF is an exciting finding, since especially phase
one metabolites, which we detected for imatinib and
ribociclib, might still be pharmacologically active [73,
74]. Additionally, the main metabolite of vorinostat,
succinanilic acid, was found in CSF samples at high
concentrations. In conclusion, we show that the com-
bination of in silico based metabolite prediction ap-
proaches and high-resolution mass spectrometry is a
highly versatile tool in drug metabolite analysis, which
may also have a therapeutic effect.
Last, we sought to evaluate the obtained patient

data with respect to physicochemical properties of the
respective small molecules and commonly applied
predictors of BBB penetration comprehensively. We
confirm that low MW, low protein binding and low
ABCB1-affinity as in case of vorinostat and ribociclib
are favorable predictors of BBB-penetration. It has to
be noted that unfavorable characteristics for only one
of the parameters may already lead to significantly
lower CSF concentrations as in case of panobinostat,
which exhibits low MW and moderate protein bind-
ing but high ABCB1-affinity. Moreover, we evaluated
the in silico tools SwissADME and ADMET Predictor
which integrate multiple physicochemical properties
to predict BBB penetration of molecules. Interestingly,
there was no or only a poor correlation to the find-
ings in our data. This highlights the overall complex-
ity of prediction BBB penetration as multiple
physicochemical and biological factors determine the
permeability of the BBB barrier. It might also reflect
that ABCB1-affinity is difficult to predict in silico and
that preclinical evaluation should be based on a com-
bination of physicochemical and biological tests.

Taken together, our comparative analyzes emphasize
the necessity to evaluate the BBB barrier penetration
in clinical studies.

Conclusions
In summary, we present CSF-sampling via Ommaya-
reservoirs as a feasible, reliable and safe strategy to investi-
gate CSF-concentrations of small molecule inhibitors in
brain tumor patients. This method could open new oppor-
tunities to evaluate BBB penetration in patients with brain
tumors in future clinical trials. Finally, our correlations of
patient-derived data to established predictors of CNS-
penetration emphasize the importance of a comprehensive
approach for preclinical assessments, taking into account
both biological and physicochemical properties.

Supplementary information
Supplementary information accompanies this paper at https://doi.org/10.
1186/s40478-020-00953-2.

Additional file 1: Table S1. Supplementary information on clinical
parameters and sample collection. Table S2. Sequential therapies of the
investigated drugs in the study cohort. Figure S1. Depiction of the used
HPLC gradient for sample analysis. Table S3. Overview of the used mass
spectrometer parameters. Figure S2. Normalized chromatogram of a
standard solution of dasatinib, imatinib, nintedanib, panobinostat,
regorafenib, ribociclib, and vorinostat obtained with the developed
HPLC-QqQ MS method. Table S4. Overview of the corresponding
method performance parameters. Figure S3. Depiction of measured CCS
values of dasatinib, imatinib, nintedanib, panobinostat, regorafenib, riboci-
clib, and vorinostat. Figure S4. Depiction of the quantitation results for
imatinib CSF samples sorted by patient. Figure S5. Depiction of the
quantitation results for vorinostat CSF samples sorted by patient. Figure
S6. Depiction of the correlation between imatinib levels and CSF protein
amounts. Figure S7. Matched CSF protein concentrations of all investi-
gated CSF samples stratified for drug and individual patients. Figure S8.
ABCB1 testing. Table S5. Supplementary description of the color-coding
used in the Fig. 4 of the manuscript.

Abbreviations
BBB: Blood-brain barrier; CCS: Collision cross section; CNS: Central nervous
system; CSF: Cerebrospinal fluid; HPLC-MS: High performance liquid
chromatography mass spectrometry; HPLC-IMS-Q-TOF MS: High performance
liquid chromatography ion mobility quadrupole time-of-flight mass spec-
trometry; HBA: Hydrogen-bond acceptor; HBD: Hydrogen-bond donor;
FACS: Fluorescence-activated cell sorting; LOD: Limit of detection;
MRI: Magnetic resonance imaging; MW: Molecular weight; PSA: Polar surface
area; RSD: Relative standard deviation; TPSA: Total polar surface area

Acknowledgements
The authors thank all patients, their families and clinical staff for their
contributions and Mirjana Stojanovic for excellent technical assistance.

Authors’ contributions
A.S.G and W.Bu. developed analytical methods, in silico experiments,
quantifications and calculations. J. G, A.P., I.S. and L. M performed patient
treatment and sample collection. Cell culture experiments were carried out
by B.E., J.G., and W.Be. All authors contributed to writing of the manuscript.

Funding
The work was supported by the „Verein unser_kind “and the Austrian
Science Fund FWF (project number: P30105 to W.B.).

Guntner et al. Acta Neuropathologica Communications            (2020) 8:78 Page 11 of 13

https://doi.org/10.1186/s40478-020-00953-2
https://doi.org/10.1186/s40478-020-00953-2


Availability of data and materials
All data generated or analyzed during this study are included in this
published article.

Ethics approval and consent to participate
The study was approved by the ethics committee of the Medical University
of Vienna (# 1244/2016). Informed consent was obtained from all
participating patients and/or legal representatives.

Consent for publication
Not applicable.

Competing interests
The authors declare that they have no competing interests.

Author details
1Institute of Analytical Chemistry, Johannes Kepler University, Linz, Austria.
2Department of Pediatrics and Adolescent Medicine and Comprehensive
Center for Pediatrics, Medical University of Vienna, Währinger Gürtel 18-20,
1090 Vienna, Austria. 3Institute of Cancer Research, Department of Medicine I,
Medical University of Vienna, Vienna, Austria.

Received: 1 April 2020 Accepted: 20 May 2020

References
1. Ostrom QT, de Blank PM, Kruchko C, Petersen CM, Liao P, Finlay JL et al

(2015) Alex's lemonade Stand Foundation infant and childhood primary
brain and central nervous system tumors diagnosed in the United States in
2007-2011. Neuro-Oncology. https://doi.org/10.1093/neuonc/nou327

2. Pui C-H, Gajjar AJ, Kane JR, Qaddoumi IA, Pappo AS (2011) Challenging
issues in pediatric oncology. Nat Rev Clin Oncol. https://doi.org/10.1038/
nrclinonc.2011.95

3. Gajjar A, Pfister SM, Taylor MD, Gilbertson RJ (2014) Molecular insights into
pediatric brain tumors have the potential to transform therapy. Clin Cancer
Res. https://doi.org/10.1158/1078-0432.CCR-14-0833

4. Heffron TP (2018) Challenges of developing small-molecule kinase inhibitors
for brain tumors and the need for emphasis on free drug levels. Neuro-
Oncology. https://doi.org/10.1093/neuonc/nox179

5. Liu K-W, Pajtler KW, Worst BC, Pfister SM, Wechsler-Reya RJ (2017) Molecular
mechanisms and therapeutic targets in pediatric brain tumors. Sci Signal.
https://doi.org/10.1126/scisignal.aaf7593

6. Kaley T, Touat M, Subbiah V, Hollebecque A, Rodon J, Lockhart AC et al
(2018) BRAF inhibition in BRAFV600-mutant Gliomas: results from the VE-
BASKET study. J Clin Oncol. https://doi.org/10.1200/JCO.2018.78.9990

7. Gambella A, Senetta R, Collemi G, Vallero SG, Monticelli M, Cofano F et al
(2020) NTRK fusions in central nervous system Tumors: A Rare, but Worthy
Target. Int J Mol Sci. https://doi.org/10.3390/ijms21030753

8. Daneman R, Prat A (2015) The blood-brain barrier. CSH Perspect Biol.
https://doi.org/10.1101/cshperspect.a020412

9. Agarwal S, Sane R, Oberoi R, Ohlfest JR, Elmquist WF (2011) Delivery of
molecularly targeted therapy to malignant glioma, a disease of the whole
brain. Expert Rev Mol Med. https://doi.org/10.1017/S1462399411001888

10. Cordon-Cardo C, O'Brien JP, Casals D, Rittman-Grauer L, Biedler JL, Melamed
MR et al (1989) Multidrug-resistance gene (P-glycoprotein) is expressed by
endothelial cells at blood-brain barrier sites. Proc Natl Acad Sci U S A 86(2):
695–698

11. Eisenblätter T, Galla H-J (2002) A new multidrug resistance protein at the
blood–brain barrier. Biochem Bioph Res Co. https://doi.org/10.1016/S0006-
291X(02)00376-5

12. Phoenix TN, Patmore DM, Boop S, Boulos N, Jacus MO, Patel YT et al (2016)
Medulloblastoma genotype dictates blood brain barrier phenotype. Cancer
Cell. https://doi.org/10.1016/j.ccell.2016.03.002

13. Camidge DR, Bang Y-J, Kwak EL, Iafrate AJ, Varella-Garcia M, Fox SB et al
(2012) Activity and safety of crizotinib in patients with ALK-positive non-
small-cell lung cancer: updated results from a phase 1 study. Lancet Oncol.
https://doi.org/10.1016/S1470-2045(12)70344-3

14. Lockman PR, Mittapalli RK, Taskar KS, Rudraraju V, Gril B, Bohn KA et al
(2010) Heterogeneous blood-tumor barrier permeability determines drug
efficacy in experimental brain metastases of breast cancer. Clin Cancer Res.
https://doi.org/10.1158/1078-0432.CCR-10-1564

15. Sledge GW (2010) Heading in a new direction: drug permeability in breast
cancer brain metastasis. Clin Cancer Res. https://doi.org/10.1158/1078-0432.
CCR-10-2502

16. Swain SM, Baselga J, Miles D, Im Y-H, Quah C, Lee LF et al (2014) Incidence
of central nervous system metastases in patients with HER2-positive
metastatic breast cancer treated with pertuzumab, trastuzumab, and
docetaxel: results from the randomized phase III study CLEOPATRA. Ann
Oncol. https://doi.org/10.1093/annonc/mdu133

17. Rankovic Z (2015) CNS drug design: balancing physicochemical properties
for optimal brain exposure. J Med Chem. https://doi.org/10.1021/jm501535r

18. Garberg P, Ball M, Borg N, Cecchelli R, Fenart L, Hurst RD et al (2005) In vitro
models for the blood-brain barrier. Toxicol in Vitro. https://doi.org/10.1016/j.
tiv.2004.06.011

19. Pajouhesh H, Lenz GR (2005) Medicinal chemical properties of successful
central nervous system drugs. NeuroRx. https://doi.org/10.1602/neurorx.2.4.541

20. Fong CW (2015) Permeability of the blood-brain barrier: molecular
mechanism of transport of drugs and physiologically important
compounds. J Membrane Biol. https://doi.org/10.1007/s00232-015-9778-9

21. Guntner AS, Thalhamer B, Klampfl C, Buchberger W (2019) Collision cross
sections obtained with ion mobility mass spectrometry as new descriptor to
predict blood-brain barrier permeation by drugs. Sci Rep. https://doi.org/10.
1038/s41598-019-55856-7

22. Nau R, Sörgel F, Eiffert H (2010) Penetration of drugs through the blood-
cerebrospinal fluid/blood-brain barrier for treatment of central nervous
system infections. Clin Microbiol Rev. https://doi.org/10.1128/CMR.00007-10

23. Ghersi-Egea J-F, Strazielle N (2001) Brain drug delivery, drug metabolism,
and multidrug resistance at the choroid plexus. Microsc Res Techniq.
https://doi.org/10.1002/1097-0029(20010101)52:1<83:AID-JEMT10>3.0.CO;2-N

24. Abbott NJ, Patabendige AAK, Dolman DEM, Yusof SR, Begley DJ (2010)
Structure and function of the blood-brain barrier. Neurobiol Dis. https://doi.
org/10.1016/j.nbd.2009.07.030

25. Scheife RT (2017) Protein Binding: What Does it Mean? DICP Ann Pharmac.
https://doi.org/10.1177/106002808902300706

26. Buzanovskii VA (2017) Determination of proteins in blood. Part 1:
determination of total protein and albumin. Rev J Chem. https://doi.org/10.
1134/S2079978017010010

27. Smith DA, Di L, Kerns EH (2010) The effect of plasma protein binding on
in vivo efficacy: misconceptions in drug discovery. Nat Rev Drug Discov.
https://doi.org/10.1038/nrd3287

28. Zeitlinger MA, Derendorf H, Mouton JW, Cars O, Craig WA, Andes D et al
(2011) Protein binding: do we ever learn? Antimicrob Agents Ch. https://doi.
org/10.1128/AAC.01433-10

29. Guntner AS, Stöcklegger S, Kneidinger M, Illievich U, Buchberger W (2019)
Development of a highly sensitive gas chromatography-mass spectrometry
method preceded by solid-phase microextraction for the analysis of
propofol in low-volume cerebral microdialysate samples. J Sep Sci. https://
doi.org/10.1002/jssc.201801066

30. Musteata FM, Pawliszyn J, Qian MG, Wu J-T, Miwa GT (2006) Determination
of drug plasma protein binding by solid phase microextraction. J Pharm Sci.
https://doi.org/10.1002/jps.20558

31. Wong M, Schlaggar BL, Buller RS, Storch GA, Landt M (2000) Cerebrospinal
fluid protein concentration in pediatric patients. Arch Pediat Adol Med.
https://doi.org/10.1001/archpedi.154.8.827

32. Lin J (2008) CSF as a surrogate for assessing CNS exposure: an industrial
perspective. Curr Drug Metab. https://doi.org/10.2174/138920008783331077

33. Nagaya Y, Nozaki Y, Kobayashi K, Takenaka O, Nakatani Y, Kusano K et al
(2014) Utility of cerebrospinal fluid drug concentration as a surrogate for
unbound brain concentration in nonhuman primates. Drug Metab
Pharmacokinet. https://doi.org/10.2133/dmpk. DMPK-14-RG-026

34. Di L, Rong H, Feng B (2013) Demystifying brain penetration in central
nervous system drug discovery. Miniperspective J Med Chem. https://doi.
org/10.1021/jm301297f

35. Warren KE (2018) Beyond the blood:brain barrier: the importance of central
nervous system (CNS) pharmacokinetics for the treatment of CNS tumors,
Including Diffuse Intrinsic Pontine Glioma. Front Oncol. https://doi.org/10.
3389/fonc.2018.00239

36. Peyrl A, Chocholous M, Kieran MW, Azizi AA, Prucker C, Czech T et al (2012)
Antiangiogenic metronomic therapy for children with recurrent embryonal
brain tumors. Pediatr Blood Cancer. https://doi.org/10.1002/pbc.24006

37. Ramalingam SS, Parise RA, Ramanathan RK, Ramananthan RK, Lagattuta TF,
Musguire LA et al (2007) Phase I and pharmacokinetic study of vorinostat, a

Guntner et al. Acta Neuropathologica Communications            (2020) 8:78 Page 12 of 13

https://doi.org/10.1093/neuonc/nou327
https://doi.org/10.1038/nrclinonc.2011.95
https://doi.org/10.1038/nrclinonc.2011.95
https://doi.org/10.1158/1078-0432.CCR-14-0833
https://doi.org/10.1093/neuonc/nox179
https://doi.org/10.1126/scisignal.aaf7593
https://doi.org/10.1200/JCO.2018.78.9990
https://doi.org/10.3390/ijms21030753
https://doi.org/10.1101/cshperspect.a020412
https://doi.org/10.1017/S1462399411001888
https://doi.org/10.1016/S0006-291X(02)00376-5
https://doi.org/10.1016/S0006-291X(02)00376-5
https://doi.org/10.1016/j.ccell.2016.03.002
https://doi.org/10.1016/S1470-2045(12)70344-3
https://doi.org/10.1158/1078-0432.CCR-10-1564
https://doi.org/10.1158/1078-0432.CCR-10-2502
https://doi.org/10.1158/1078-0432.CCR-10-2502
https://doi.org/10.1093/annonc/mdu133
https://doi.org/10.1021/jm501535r
https://doi.org/10.1016/j.tiv.2004.06.011
https://doi.org/10.1016/j.tiv.2004.06.011
https://doi.org/10.1602/neurorx.2.4.541
https://doi.org/10.1007/s00232-015-9778-9
https://doi.org/10.1038/s41598-019-55856-7
https://doi.org/10.1038/s41598-019-55856-7
https://doi.org/10.1128/CMR.00007-10
https://doi.org/10.1002/1097-0029(20010101)52:1<83:AID-JEMT10>3.0.CO;2-N
https://doi.org/10.1016/j.nbd.2009.07.030
https://doi.org/10.1016/j.nbd.2009.07.030
https://doi.org/10.1177/106002808902300706
https://doi.org/10.1134/S2079978017010010
https://doi.org/10.1134/S2079978017010010
https://doi.org/10.1038/nrd3287
https://doi.org/10.1128/AAC.01433-10
https://doi.org/10.1128/AAC.01433-10
https://doi.org/10.1002/jssc.201801066
https://doi.org/10.1002/jssc.201801066
https://doi.org/10.1002/jps.20558
https://doi.org/10.1001/archpedi.154.8.827
https://doi.org/10.2174/138920008783331077
https://doi.org/10.2133/dmpk. DMPK-14-RG-026
https://doi.org/10.1021/jm301297f
https://doi.org/10.1021/jm301297f
https://doi.org/10.3389/fonc.2018.00239
https://doi.org/10.3389/fonc.2018.00239
https://doi.org/10.1002/pbc.24006


histone deacetylase inhibitor, in combination with carboplatin and
paclitaxel for advanced solid malignancies. Clin Cancer Res. https://doi.org/
10.1158/1078-0432.CCR-07-0162

38. Clive S, Woo MM, Nydam T, Kelly L, Squier M, Kagan M (2012)
Characterizing the disposition, metabolism, and excretion of an orally active
pan-deacetylase inhibitor, panobinostat, via trace radiolabeled 14C material
in advanced cancer patients. Cancer Chemother Pharmacol. https://doi.org/
10.1007/s00280-012-1940-9

39. Rydberg P, Gloriam DE, Olsen L (2010) The SMARTCyp cytochrome P450
metabolism prediction server. Bioinformatics. https://doi.org/10.1093/
bioinformatics/btq584

40. Rydberg P, Gloriam DE, Zaretzki J, Breneman C, Olsen L (2010) SMARTCyp: a
2D method for prediction of cytochrome P450-mediated drug metabolism.
ACS Med Chem Lett. https://doi.org/10.1021/ml100016x

41. Rydberg P, Olsen L (2012) Ligand-based site of metabolism prediction for
cytochrome P450 2D6. ACS Med Chem Lett. https://doi.org/10.1021/
ml200246f

42. Rydberg P, Olsen L (2012) Predicting drug metabolism by cytochrome P450
2C9: comparison with the 2D6 and 3A4 isoforms. ChemMedChem. https://
doi.org/10.1002/cmdc.201200160

43. Rydberg P, Rostkowski M, Gloriam DE, Olsen L (2013) The contribution of
atom accessibility to site of metabolism models for cytochromes P450. Mol
Pharm. https://doi.org/10.1021/mp3005116

44. Daina A, Michielin O, Zoete V (2017) SwissADME: a free web tool to
evaluate pharmacokinetics, drug-likeness and medicinal chemistry
friendliness of small molecules. Sci Rep. https://doi.org/10.1038/srep42717

45. Englinger B, Lötsch D, Pirker C, Mohr T, van Schoonhoven S, Boidol B et al
(2016) Acquired nintedanib resistance in FGFR1-driven small cell lung
cancer: role of endothelin-a receptor-activated ABCB1 expression.
Oncotarget. https://doi.org/10.18632/oncotarget.10324

46. Avery LB, Sacktor N, McArthur JC, Hendrix CW (2013) Protein-free efavirenz
concentrations in cerebrospinal fluid and blood plasma are equivalent:
applying the law of mass action to predict protein-free drug concentration.
Antimicrob Agents Ch. https://doi.org/10.1128/AAC.02329-12

47. Dallinger C, Trommeshauser D, Marzin K, Liesener A, Kaiser R, Stopfer P
(2016) Pharmacokinetic properties of Nintedanib in healthy volunteers and
patients with advanced Cancer. J Clin Pharmacol. https://doi.org/10.1002/
jcph.752

48. Rasmussen TA, Tolstrup M, Møller HJ, Brinkmann CR, Olesen R, Erikstrup C et al
(2015) Activation of latent human immunodeficiency virus by the histone
deacetylase inhibitor panobinostat: a pilot study to assess effects on the central
nervous system. Open Forum Infect Dis. https://doi.org/10.1093/ofid/ofv037

49. Zopf D, Fichtner I, Bhargava A, Steinke W, Thierauch K-H, Diefenbach K et al
(2016) Pharmacologic activity and pharmacokinetics of metabolites of
regorafenib in preclinical models. Cancer Med. https://doi.org/10.1002/
cam4.883

50. Liu L, Detering J-C, Milde T, Haefeli WE, Witt O, Burhenne J (2014)
Quantification of vorinostat and its main metabolites in plasma and
intracellular vorinostat in PBMCs by liquid chromatography coupled to
tandem mass spectrometry and its relation to histone deacetylase activity in
human blood. J Chromatogr B. https://doi.org/10.1016/j.jchromb.2014.02.014

51. Rashid U, Hassan SF, Nazir S, Wadood A, Waseem M, Ansari FL (2015)
Synthesis, docking studies, and in silico ADMET predictions of some new
derivatives of pyrimidine as potential KSP inhibitors. Med Chem Res. https://
doi.org/10.1007/s00044-014-1120-z

52. de Lange ECM (2013) Utility of CSF in translational neuroscience. J
Pharmacokinet Pharmacodyn. https://doi.org/10.1007/s10928-013-9301-9

53. Peyrl A, Chocholous M, Azizi AA, Czech T, Dorfer C, Mitteregger D et al
(2014) Safety of Ommaya reservoirs in children with brain tumors: a 20-year
experience with 5472 intraventricular drug administrations in 98 patients. J
Neuro-Oncol. https://doi.org/10.1007/s11060-014-1531-1

54. Goldberg JM, Glade-Bender J, Sulis ML, Gardner RA, Pollard JA, Aquino V,
Winick NJ et al (2014) A phase I dose finding study of Panobinostat in
children with hematologic malignancies: initial report of TACL study T2009-
012 in children with acute leukemia. Blood 124:3705

55. Christopher LJ, Cui D, Wu C, Luo R, Manning JA, Bonacorsi SJ et al (2008)
Metabolism and disposition of dasatinib after oral administration to
humans. Drug Metab Dispos. https://doi.org/10.1124/dmd.107.018267

56. Zhang Y, Qiang S, Yu Z, Zhang W, Xu Z, Yang L et al (2014) LC-MS-MS
determination of imatinib and N-desmethyl imatinib in human plasma. J
Chromatogr Sci. https://doi.org/10.1093/chromsci/bmt037

57. Hellmann MD, Sturm I, Trnkova ZJ, Lettieri J, Diefenbach K, Rizvi NA et al (2015)
Preliminary safety, pharmacokinetics, and efficacy of Regorafenib, Cisplatin, and
Pemetrexed in patients with advanced nonsquamous non-small-cell lung
cancers. Clin Lung Cancer. https://doi.org/10.1016/j.cllc.2015.04.003

58. Samant TS, Dhuria S, Lu Y, Laisney M, Yang S, Grandeury A et al (2018)
Ribociclib bioavailability is not affected by gastric pH changes or food. In
Silico and Clinical Evaluations. Clin Pharmacol Ther, Intake. https://doi.org/
10.1002/cpt.940

59. Parise RA, Holleran JL, Beumer JH, Ramalingam S, Egorin MJ (2006) A liquid
chromatography-electrospray ionization tandem mass spectrometric assay
for quantitation of the histone deacetylase inhibitor, vorinostat
(suberoylanilide hydroxamicacid, SAHA), and its metabolites in human
serum. J Chromatogr B. https://doi.org/10.1016/j.jchromb.2006.04.044

60. Pardridge WM (2011) Drug transport in brain via the cerebrospinal fluid.
Fluids Barriers CNS. https://doi.org/10.1186/2045-8118-8-7

61. Chen Y, Agarwal S, Shaik NM, Chen C, Yang Z, Elmquist WF (2009) P-glycoprotein
and breast cancer resistance protein influence brain distribution of dasatinib. J
Pharmacol Exp Ther. https://doi.org/10.1124/jpet.109.154781

62. Mittapalli RK, Chung AH, Parrish KE, Crabtree D, Halvorson KG, Hu G et al
(2016) ABCG2 and ABCB1 limit the efficacy of Dasatinib in a PDGF-B-driven
brainstem Glioma model. Mol Cancer Ther. https://doi.org/10.1158/1535-
7163.MCT-15-0093

63. Patel YT, Davis A, Baker SJ, Campagne O, Stewart CF (2019) CNS penetration
of the CDK4/6 inhibitor ribociclib in non-tumor bearing mice and mice
bearing pediatric brain tumors. Cancer Chemother Pharmacol. https://doi.
org/10.1007/s00280-019-03864-9

64. Miller TW, Traphagen NA, Li J, Lewis LD, Lopes B, Asthagiri A et al (2019)
Tumor pharmacokinetics and pharmacodynamics of the CDK4/6 inhibitor
ribociclib in patients with recurrent glioblastoma. J Neuro-Oncol. https://doi.
org/10.1007/s11060-019-03258-0

65. Tien A-C, Li J, Bao X, Derogatis A, Kim S, Mehta S et al (2019) A phase 0 trial
of Ribociclib in recurrent Glioblastoma patients incorporating a tumor
Pharmacodynamic- and pharmacokinetic-guided expansion cohort. Clin
Cancer Res. https://doi.org/10.1158/1078-0432.CCR-19-0133

66. Porkka K, Koskenvesa P, Lundán T, Rimpiläinen J, Mustjoki S, Smykla R et al
(2008) Dasatinib crosses the blood-brain barrier and is an efficient therapy
for central nervous system Philadelphia chromosome-positive leukemia.
Blood. https://doi.org/10.1182/blood-2008-02-140665

67. Koschmann C, Zamler D, MacKay A, Robinson D, Wu Y-M, Doherty R et al
(2016) Characterizing and targeting PDGFRA alterations in pediatric high-
grade glioma. Oncotarget. https://doi.org/10.18632/oncotarget.11602

68. Osorio DS, Finlay JL, Dhall G, Goldman S, Eisenstat D, Brown RJ (2013) Feasibility of
dasatinib in children and adolescents with new or recurrent central nervous system
germinoma. Pediatr Blood Cancer. https://doi.org/10.1002/pbc.24567

69. Takayama N, Sato N, O'Brien SG, Ikeda Y, Okamoto S-I (2002) Imatinib
mesylate has limited activity against the central nervous system
involvement of Philadelphia chromosome-positive acute lymphoblastic
leukaemia due to poor penetration into cerebrospinal fluid. Br J Haematol.
https://doi.org/10.1046/j.1365-2141.2002.03881.x

70. Lombardi G, de Salvo GL, Brandes AA, Eoli M, Rudà R, Faedi M et al (2019)
Regorafenib compared with lomustine in patients with relapsed
glioblastoma (REGOMA): a multicentre, open-label, randomised, controlled,
phase 2 trial. Lancet Oncol. https://doi.org/10.1016/S1470-2045(18)30675-2

71. Daudigeos-Dubus E, Le Dret L, Lanvers-Kaminsky C, Bawa O, Opolon P,
Vievard A et al (2015) Regorafenib: antitumor activity upon mono and
combination therapy in preclinical pediatric malignancy models. PLoS One.
https://doi.org/10.1371/journal.pone.0142612

72. Milde T, Lodrini M, Savelyeva L, Korshunov A, Kool M, Brueckner LM et al
(2012) HD-MB03 is a novel group 3 medulloblastoma model demonstrating
sensitivity to histone deacetylase inhibitor treatment. J Neuro-Oncol. https://
doi.org/10.1007/s11060-012-0978-1

73. Gschwind H-P, Pfaar U, Waldmeier F, Zollinger M, Sayer C, Zbinden P et al
(2005) Metabolism and disposition of imatinib mesylate in healthy
volunteers. Drug Metab Dispos. https://doi.org/10.1124/dmd.105.004283

74. Zangardi ML, Spring LM, Blouin GC, Bardia A (2017) Ribociclib for post-
menopausal women with HR+/HER2- advanced or metastatic breast cancer.
Expert Rev Clin Pharmacol. https://doi.org/10.1080/17512433.2017.1376653

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in
published maps and institutional affiliations.

Guntner et al. Acta Neuropathologica Communications            (2020) 8:78 Page 13 of 13

https://doi.org/10.1158/1078-0432.CCR-07-0162
https://doi.org/10.1158/1078-0432.CCR-07-0162
https://doi.org/10.1007/s00280-012-1940-9
https://doi.org/10.1007/s00280-012-1940-9
https://doi.org/10.1093/bioinformatics/btq584
https://doi.org/10.1093/bioinformatics/btq584
https://doi.org/10.1021/ml100016x
https://doi.org/10.1021/ml200246f
https://doi.org/10.1021/ml200246f
https://doi.org/10.1002/cmdc.201200160
https://doi.org/10.1002/cmdc.201200160
https://doi.org/10.1021/mp3005116
https://doi.org/10.1038/srep42717
https://doi.org/10.18632/oncotarget.10324
https://doi.org/10.1128/AAC.02329-12
https://doi.org/10.1002/jcph.752
https://doi.org/10.1002/jcph.752
https://doi.org/10.1093/ofid/ofv037
https://doi.org/10.1002/cam4.883
https://doi.org/10.1002/cam4.883
https://doi.org/10.1016/j.jchromb.2014.02.014
https://doi.org/10.1007/s00044-014-1120-z
https://doi.org/10.1007/s00044-014-1120-z
https://doi.org/10.1007/s10928-013-9301-9
https://doi.org/10.1007/s11060-014-1531-1
https://doi.org/10.1124/dmd.107.018267
https://doi.org/10.1093/chromsci/bmt037
https://doi.org/10.1016/j.cllc.2015.04.003
https://doi.org/10.1002/cpt.940
https://doi.org/10.1002/cpt.940
https://doi.org/10.1016/j.jchromb.2006.04.044
https://doi.org/10.1186/2045-8118-8-7
https://doi.org/10.1124/jpet.109.154781
https://doi.org/10.1158/1535-7163.MCT-15-0093
https://doi.org/10.1158/1535-7163.MCT-15-0093
https://doi.org/10.1007/s00280-019-03864-9
https://doi.org/10.1007/s00280-019-03864-9
https://doi.org/10.1007/s11060-019-03258-0
https://doi.org/10.1007/s11060-019-03258-0
https://doi.org/10.1158/1078-0432.CCR-19-0133
https://doi.org/10.1182/blood-2008-02-140665
https://doi.org/10.18632/oncotarget.11602
https://doi.org/10.1002/pbc.24567
https://doi.org/10.1046/j.1365-2141.2002.03881.x
https://doi.org/10.1016/S1470-2045(18)30675-2
https://doi.org/10.1371/journal.pone.0142612
https://doi.org/10.1007/s11060-012-0978-1
https://doi.org/10.1007/s11060-012-0978-1
https://doi.org/10.1124/dmd.105.004283
https://doi.org/10.1080/17512433.2017.1376653

	Abstract
	Introduction
	Materials and methods
	Patients, sample material and instrumental analysis
	In silico assisted workflow for the identification of metabolites in biological samples and prediction of BBB penetration
	Experiments targeting the ABCB1 substrate character of the examined drugs
	Calculation of free drug levels

	Results
	Feasibility of drug and metabolite detection in CSF derived via Ommaya reservoirs
	Quantitation of pharmaceuticals including free drug levels and metabolites
	Detection of drug metabolites in patient CSF
	Comparison to established predictors of blood-brain barrier penetration

	Discussion
	Conclusions
	Supplementary information
	Abbreviations
	Acknowledgements
	Authors’ contributions
	Funding
	Availability of data and materials
	Ethics approval and consent to participate
	Consent for publication
	Competing interests
	Author details
	References
	Publisher’s Note

